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Abstract

�is section contains the AUCs for the test- training splits for the best hidden layer and FCGR con�guration
(Figure 1 and Figure 2), the mean errors (Figure 3 and Figure 4) and < φ, δ > diagrams [Armano and Giuliani,
2018] for the encodings used in Heider et al. [2011] for all drugs (Figure 5), as well as for the CGR encoding for all
con�gurations used in the current study (le� column of Figure 7 - Figure 33). �e di�erence between the average
FCGR of positive and negative sequences in the datasets are shown in the middle column of Figure 7 to Figure 33,
and the signi�cance of the di�erences in log(p) values as calculated using a Bonferroni-corrected t-test in the right
column. Blue pixels are signi�cantly di�erent between positively and negatively labeled sequences. Gray pixels
contain no values or zeros.
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Figure 1: AUCs of NNRTIs and NRTIs for test- trainingsplits within best hiddenlayer and FCGR con�gurations
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Figure 2: AUCs of PIs for test- trainingsplits within best hiddenlayer and FCGR con�gurations
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Figure 3: Mean error of NNRTIs and NRTIs for test- trainingsplits within best hiddenlayer and FCGR con�gu-
rations
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Figure 4: Mean error of PIs for test- trainingsplits within best hiddenlayer and FCGR con�gurations
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Figure 5: < φ, δ > diagrams for feature encodings calculated using the R package Interpol [Heider and Ho�-
mann, 2011] as described in Heider et al. [2011]
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Figure 6: DLV, sf = 0.5
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Figure 7: DLV, sf20
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Figure 8: EFV, sf = 0.5
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Figure 9: EFV, sf20
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Figure 10: NVP, sf = 0.5
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Figure 11: NFV, sf20

12



Figure 12: 3TC, sf = 0.5
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Figure 13: 3TC, sf20
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Figure 14: ABC, sf = 0.5
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Figure 15: ABC, sf20
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Figure 16: AZT, sf = 0.5
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Figure 17: AZT, sf20
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Figure 18: D4T, sf = 0.5
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Figure 19: D4T, sf20
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Figure 20: DDI, sf = 0.5
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Figure 21: DDI, sf20
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Figure 22: APV, sf = 0.5
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Figure 23: APV, sf20
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Figure 24: IDV, sf = 0.5
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Figure 25: IDV, sf20
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Figure 26: LPV, sf = 0.5
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Figure 27: LPV, sf20
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Figure 28: NFV, sf = 0.5
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Figure 29: NFV, sf20
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Figure 30: RTV, sf = 0.5
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Figure 31: RTV, sf20
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Figure 32: SQV, sf = 0.5
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Figure 33: SQV, sf20
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