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Supplementary Fig. S1. Examples of General (bulkRNA&scRNA). (A) The Search box of genes, diseases in bulkRNA data (B) The Search box of genes, celltypes, diseases in bulkRNA data (C) The basic input form in scRNA data by General functions (D) The distribution of celltypes in scRNA data by General functions(Umap plot) (E) The distribution of tissues in scRNA data by General functions(Umap plot) (F) The distribution of datasets in scRNA data by General functions(Umap plot)
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Supplementary Fig. S2. Examples of Expression Profiling (bulkRNA&scRNA) (A) The basic input form in bulkRNA data by Expression Profiling functions (B) Expression of type II interferon gene set (STAT1, IRF1, HLA-DRB5, HLA-DPA1, HLA-F, HLA-E, HLA-C, HLA-DQB1, HLA-DQA1, HLA-DRB1, HLA-B, HLA-DRA, HLA-DPB1,HLA-A) in SLE, UC and MS in bulkRNA data by Expression Profiling functions (Boxplot) (C)The basic input form in scRNA data by Expression Profiling functions (D) Expression of type II interferon gene set inSLE, UC and MS in scRNA data of all celltypes by Expression Profiling functions (groupby=disease)(Boxplot) (E)Expression of type II interferon gene set in SLE, UC and MS in scRNA data of all celltypes by Expression Profiling functions (groupby=celltype)(Boxplot) (F) The basic input form in scRNA data by Expression Profiling functions(group-by=disease, celltype=Macrophage)
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Supplementary Fig. S3. Examples of Differential Analysis.(bulkRNA&scRNA) (A) The basic input form in bulkRNA data by Differential Analysis functions (B) Differential analysis results in MS of bulkRNA data by Differential Analysis functions(Volcanic plot) (C) The advanced input form in bulkRNA data by Differential Analysis functions (D) Differential analysis results by adjust advanced parameters in MS of bulkRNA data by Differential Analysis functions(Volcanic plot) (E)Differential analysis results in MS of bulkRNA data by Differential Analysis functions(table) (F) The basic input form in scRNA data by Differential Analysis functions (Disease:MS,Healthy, Celltype:B cells) (G) Differential analysis results in B cells between MS and Healthy of scRNA data by Differential Analysis functions(Volcanic plot) (H) The basic input form in scRNA data by Differential Analysis functions (Disease:MS Celltype:B cells, Macrophage)
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Supplementary Fig. S4. Similar Gene Detection.(bulkRNA) and Correlation Analysis (bulkRNA&scRNA) (A) The basic input form in bulkRNA data by Similar Gene Detection functions (B) The basic input form in bulkRNA data by Correlation Analysis functions (C) The basic input form in scRNA data by Correlation Analysis functions (D) The pearson correlation between the expression of the two gene sets (shown in sFig 4C) in CD14 monoctytes and CD16 monocytes in SLE patients in scRNA data by Corrleation Analysis functions (Scatter plot)
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Supplementary Fig. S5. Examples of Cell-cell Interaction(scRNA). (A) The basic input form in scRNA data by Cell-cell Interaction functions (B) The numbers of receptor-ligand between B cells, mono cells and Macrophage in SLE-PBMC data by Cell-cell Interaction functions (Heatmap) (C) The Cell-cell Interaction results between B cells, mono cells and Macrophage in SLE-PBMC data by Cell-cell Interaction functions(table)
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