Supplementary Figure 1. Generation of structural signatures. The input to this method consists of a gene expression or proteomic signature. The structures of input protein products are predicted with HHpred then SCOPe as well as InterProScan classification of substructures are assigned. Following this, the sample signature is compared to a normal human tissue background signature using statistical techniques described in the methods section. The result is a structural signature, which can be used to answer a variety of different types of scientific questions as described in the use case section
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Supplementary Figure 2. 2D t-SNE analysis of protein features of lung adenocarcinoma data (left) and center of mass of the 2D t-SNE of each cell-disease stage state type (right) for (A) superfamily, (B) family, (C) fold, and (D) domain.
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Supplementary Figure 3. Lung adenocarcinoma network with connectivity determined using jaccard similarity between union of superfamily structural features of samples for each cell-disease stage state. 
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Supplementary Figure 1. Generation of structural signatures. The input to this method consists of
a gene expression or proteomic signature. The structures of input protein products are predicted
with HHpred then SCOPe as well as InterProScan classification of substructures are assigned.
Following this, the sample signature is compared to a normal human tissue background signature
using statistical techniques described in the methods section. The result is a structural signature,
which can be used to answer a variety of different types of scientific questions as described in the

use case section
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Supplementary Figure 2. 2D t-SNE analysis of protein features of lung adenocarcinoma
data (left) and center of mass of the 2D t-SNE of each cell-disease stage state type (right)
for (A) superfamily, (B) family, (C) fold, and (D) domain.
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Supplementary Figure 3. Lung adenocarcinoma network with connectivity determined
using jaccard similarity between union of superfamily structural features of samples for
each cell-disease stage state.




